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Fig. 3 Boxplot of modelling accuracy
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Sensitivity of BCS for Sampling Landslide Absence Data

in Landslide Susceptibility Assessment
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(1. Key Laboratory of Virtual Geographic Environment ( Nanjing Normal University) Ministry of Education State Key Laboratory
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and Natural Resources Research ~Chinese Academy of Sciences Beijing 100101  China;

3. Department of Geography University of Wisconsin — Madison Madison WI 53706 USA)

Abstract: Landslide absence data plays an important role in data-driven models for landslide susceptibility map—
ping. It can constrain the overestimation of predicted landslide susceptibility values. Buffer controlled sampling
( BCS) is widely used in sampling landslide absence data. It is based on the general principle that the area near the
landslide occurrences has similar geo-environment with landslides resulting it prone to landslides. Thus landslide
absence data should be sampled from the areas beyond the buffer zones of the landslide sites. Currently the buffer
size is decided subjectively based on the experts’ knowledge of the study area. The study of the effect of buffer size
on data-driven models for landslide susceptibility mapping is rare. It is important to study the general relationships
between buffer size and mapping accuracy and find an appropriate buffer size for an given area. In this study BCS
sampling strategy was used in the Youfang ravine in the south Gansu of China for sampling landslide absence data
and Support Vector Machine ( SVM) was used to deliniute landslide susceptibility across the study area. Results
show that if the buffer size be small false absence data would be included in the generated absence datasets and re—
sult in the underestimation of the predicted landslide susceptibility values. If the buffer size be large the represent—
ativeness of generated landslide absence data for the whole study area is low resulting in the overestimation of the
predicted landslide susceptibility values. In the Youfang ravine the appropriate range of buffer size in BCS for

sampling landslide absence data is from 200 m to 500 m in SVM for landslide susceptibility mapping.

Key words: SVM; landslide absence data; BCS; buffer; landslide susceptibility mapping



